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Deep learning 7|4t 8 Z 29| perception/action module A
» Machine learning %! Computer vision £ Q1A 7|= 74

- Object detection/recognition, person recognition, human pose estimation 7|& &4
» Reinforcement learning0f| 7|4tst #E 7|= 7L

- Navigation, concept building, dialogue-based UI 2f &2 7|t
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Re-identification Netwark

j@mu@

Pretrained People
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Human Re-identification Activity Recognition
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+ Incremental Moment Matchlng (IMM)
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« Automatic Knowledge Construction
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« Visual Question Answering &3t
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- Multi-turn T3S @|$t visual dialog 22 A7
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Dual Memory Architecture Complementary Learning Systems Theory

ZF23hE= Multi-modal residual networks 2 & 15t
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Deep Embedded Memory Networks (DEMN)
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