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Time Series Classification

o Classify time series data

o Implement a state-of-the-art method
*  CNN for time series data
*  Learned by back-prop (PyTorch)

o Achieve a high classification accuracy

- )

Bundle Recommender Systems

et

o Given user-item interactions,
recommend a bundle of multiple
items to users

o Deep learning based approach

*  Attention mechanism
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0ll) Multimodal Forum Thread Summarization

Online discussions often focus on talking about an image, and it would be useful to summarize
what the overall opinions of the commenters are while including important contextual

information from the image.

After collecting and annotating data from forum website Reddit(figure 1), we train models to
summarize the main opinions from the threads while also accounting for the images(figure 2).

2 Any advice for styling this dress? Especially
shoes and bag? Will wear it for a Summer

Wedding in August. F, 33

Image

A

y

L ]
Not those shoes L
should not be worn with
wearing in the picture.
choosing one color from

shoes and bag.

Generated Summary:

A user asked for help styling a colorful,
patterned mid-length dress for a summer wedding.
Several commenters emphasized that the dress

the crocs the model is
Others suggested
the print of the dress,

such as orange or purple, and matching it to the

2 0IA, minjung.kim@vision.snu.ac.kr
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2) &8 NP-hard J2l=Z =X = (subgraph isomorphism, supergraph search, subgraph query
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Deep learning 7|%t & 222| Perception/Action module ¥+ 3

« Machine learning % Computer vision £t% Q14| 7|& 7§'%

- Object detection/recognition, person recognition, human pose estimation 7|& ¢
XEFY AERE I AU YE 7= WY

- ROS(Robot operating system)2 &% AMA 22 O] A[AH— 74

Pretrained Objects.
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« Visual Question Answering / Knowledge-based Graph Reasoning ¢
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Multi-hop Graph Walk (¢) Reasoning with Attention Mechanism
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& UROP A+ 1tA| 9 : Building a multi-view system for high-quality digital human
reconstruction

& 2 ZCHA: students with strong coding skills

& T 7|7t: ~2022E 128 &

Project Description:

- We will be building a multi-camera system to reconstruct high-quality 3D digital humans (face, body,

hand motion) and human-object interactions.
- UROP students will be participating in the parts of the overall pipeline including system building, camera

calibration, 3D human reconstruction algorithms, and others.

Examples of multi-view systems (MPII, UMN, and CMU)
Requirements:

- Strong coding skill (C++ & Python) in Linux environment (required)
- Prerequisite courses: linear algebra, and at least one course in Al (e.g.. Computer Vision, Machine Learning, Deep Learning)
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£ causality, evidence, evidentiality & 2| X &=
=L & ot7| 2ot CrYot B = Aot}

Task:
(1) Qg2 8ot 2t Q1o 2 E
2) 2 HES 8o ZdHst 2o 2 E

Requirements: A} 0| X 2| 7|=, CNN/RNN, Transformer, BERT
At A EH AL

Pseudo-Relevance for Enhancing Document Representation, EMNLP 2022
Plug-and-Play Adaptation for Continuously-updated QA, Findings of ACL
2022

C2L: Causally Contrastive Learning for Robust Text Classification, AAAI 2022
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