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o Reduce the size of language models
without loss of accuracy
o Implement state-of-the-art methods
*  Pruning, quantization, or knowledge

k distillation /

Diversified Sequential
Recommendation

Recommender Svslems ‘

)} RECOMMEND

ﬂl o

o Given sequential interactions of a user,
recommend items accurately and
diversely

o Implement a state-of-the-art
sequential recommender system

o Achieve a high diversity with a

k comparable accuracy /
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(3 0l Al) Multimodal Forum Thread Summarization

« Online discussions often focus on talking about an image, and it would be useful to
summarize the overall opinions of the commenters while including important contextual

information from the image.
« After collecting and annotating data from the forum website Reddit (Figure 1), we modify

large language models to include text-vision fusion layers (Figure 2) and train them to
summarize the discussion threads while also accounting for the images.
N N

(M x I 4 MA
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) (a) Merged Attention (b) Co-Attention
Aladago et al, “Compound Tokens: Channel Fusion for
- Vision-Language Representation Learning”, arXiv, 2022.
Figure 1. Multimodal data sample Figure 2. Multimodal fusion method examples
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Perception, Imagination, Cognition, Action
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