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Conduct research and development on various topics related to computer vision,

natural language processing, and multimodal.

One example is the collection of multimodal funny video datasets.

- As short-form funny videos on social networks are gaining popularity, it becomes
demanding for Al models to understand them for better communication with
humans. Different from previous datasets, we devise a pipeline to collect the videos
that have both visual and verbal elements contributing to humor.

- After collecting and annotating funny videos, we devise a zero-shot prompting
method with state-of-the-art models to explain why the video is funny. Also, to
evaluate generated explanations, we design a task that finds funny moments given

videos and generated explanations.

Requirement:
- 71AEks, dFH HIE, A0 M2l #E uitm M o= ol =2,
- 8iE F=H|(vision and language)?t ZHHE H{A X|A0| U THd

- PyTorch Z22iY ZHO| A= &,

DPU(Data Processing Unit)S

o|8st AERY MH x[H3}

AZE0 ¥ HERR AHEO[A FtE0| Z2OY 7t 7t&et ATl
= F7tet DPU(Data Processing Unit) §X|E 0|83t 218X|s, 2o S,
2E2X| §9 7|52 EHAIZIDA St AF7F LS| A D ALt

= ¢F= DPU HAIE 0|85t0 HICR AEZ|Y MHAQ &1 FEES N

Moh7| flet gets =25ts AS SHE L

Required skills:

- ARFH 7= 2 2O gt ofsy

- TCP/IP Z2EE 9 220 QIHH 0| A0] C{gh ofd)
- Linux A}
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NP-hard Jd2i= 2ZME=2 w2 Jd=ZoAN E = JAes MA 2o s ¢n2ES
— - 2 W&St, O|F 7|Ht2E NP-hard 2= EXNZ0 E=tEl 370 sSw ZH LI E 7Y
NP-hard J2|= XS 98t |~ % = ° e
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Lab.
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Requirements

- Linux AH8 43, Python 3= ZHg G A3 AH

- Open-source LLM(Large Language Model)Ofl CHsh Al

A F=H|

- 20234 2 LlaMASl &7 O|=, O|F 7|82 =2 oF LM AS0| SE5HAH AL
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RAG(Retrieval-Augmented

Generation) &8 W AR

Requirements

- Linux AH8 43, Python ZE g G A3 AH

- LLM(Large Language Model)0f CHEF A

A F=H|

- AtQiof XM2| 20FoM RAGE F Ot dilg EOFELD e FY
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Intelligent Data Systems

Lab.

Requirements
- Linux AH8 43, Python ZE ZHg G A3 AH

- Open-source LLM(Large Language Model)Ofl CHsh Al

@7 Fx|

- A2 LMS ¥8Y CHYY ofB2iA0lMS0| F2YD US

- O YOl i BHAS MMSHs YL Y J|8Ho] ElE JSO|L, sLme]
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So| 27} 0| Mgo| HoiH

Prompt engineering / Fine-tuning 7|52 &83l0| 0|5 didstnxt &

=25
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Requirements

- Linux AH® 43, Python ZE ZHg 9 A3

- Diffusion model0j| CHEF 2H4

A =

- O|OX] MM Alo] CHEZXQl 7|&L2 GAN(Generative Adversarial Network), diffusion
model0| /U
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- TensorFlow, PyTorch & 7|7AstEs &84 40| AALL, SlHE UG SR

A Ol &
& 9 o

HIO|2X|SH T4

HE a4
ROS(Robot OS) AHE 23, SLAM 7Y ZH
DY HolH M2l 4y W Zees 97 4d

rot
uE

4

AFEH:
- HE| FtH 2} AA'RE #5510, QU422 FHEH high-quality 3D digital humans (face,
body, hand motion) 2 S&/5t= A+E TIAMICE

- UROP &2 dataset processing, open source repo building, system building, 3D

Building a multi-view system | oconstruction 5o Ciyst 28 2 o TIES HEsil € oFolct,
Fd HzE APH | for high-quality digital human | - £2 97 ZIt= top-tier &3]0 HMEE 00| contributionO 2} authorship2

7t = Atk

Requirement:

reconstruction

- Strong coding skill (C++ & Python) in Linux environment (required)
- Prerequisite courses: linear algebra, and at least one course in Al (e.g., Computer

Vision, Machine Learning, Deep Learning)






