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Larege Language Model Compression

~

;~~~._Compression

Pruning S
-

~a
Quantization

Knowledge FYO;
Distillation -/

_______________ A _)/‘\
Size: 400MB Size: 100MB
Accuracy: 95% Accuracy: 95%

o Reduce the size of large language models
without loss of accuracy
o Implement state-of-the-art methods
*  Pruning, quantization, or knowledge

k distillation /

Diversified Sequential Bundle
Recommendation

Recommender Svslems ‘

)} RECOMMEND

ﬂl o

o Given sequential interactions of a user,
recommend bunlde accurately and
diversely

o Implement a state-of-the-art
sequential recommender system

o Achieve a high diversity with a

k comparable accuracy /
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\ 4
4 UROP A+ 1tA|E : Ensuring the integrity of DNS data by
leveraging monitors in certificate transparency

AUt ol ZE0|AEZE MHO| HZg O DNS°| HEE 7|Hte 2 s M
AZ2 d8%. 2Lt X DNS OO H+= man-in-the-middle
attack, poisoning attack & Ol2f 7[X[ 340 o8 Hx= = UZ
2k M DNS M H = X 42 DNS E1I='E%% I
(certificate)2| S747[t HZE 7H17[2 MEg. O I F7Ho| A
DNS HZEEE 2% HMAS= downgrade attackO| 7tsg. O

n

t—,lrulruLOoEoD_t,

Xl ot 2] 2l of %EPO AEE HEE cert|f|cate transparency
monitorsd AZZ2 WO ST MHO ASME == HOtZ. O
&3 DNS 2 ZE7t M A | K] ?J?Itxl A Ao =

N J
0_)]-_ I'IO
mjo

M =7}8t0f DNS HIO|HE9 =4 LI e) = ik

2. QFAE

- TCP/IP Z2EEZ, DNS ZE2EZ, PKI 59 7|=£ 0|3|

- 20234 A2dstd 20244 01: Hat2 100% S FH o &
- 20244 B87]= 30% YA FHOY HA

- 20234 71287 S QEUEO £ £

3. 7| E}

- oHH 98 Xg Yts

-7 MW KE0 et 27 B8 Jts

MEUaa HEEBas

|

Seoul National University
Dept. of Computer Science and Engineering

tkkwon@snu.ac.kr

Mo
|




oktyg Sl II cH ( ) e
& Ciohmzs. ZIAY] ¢ CRAH.A|ZtClSHE AFA
¢ UROP A7+ U}X|H . ZAFE HIT™ U XA X2| 2tH A
& LDXCHY: AFEHHH, XA M| 2H ZYHO0| Y= HFHSSE St
& SDZXT|ZF: ~20234E 128 2
-AFEH HIAE, XA A2, HE|I2E 2ta CHs =X CHeh A7 & e X&
-HR2Eo A2 g2 A4 SH0[Xl &X

(A= 0l Al) Humor Explanation in short-form videos

* As short-form funny videos on social networks are gaining popularity, it becomes
demanding for Al models to understand them for better communication with humans.
Different from previous datasets, we devise a pipeline to collect the videos that have both
visual and verbal elements contributing to humor.

+ After collecting and annotating funny videos, we devise a zero-shot prompting method
with state-of-the-art models to explain why the video is funny. Also, to evaluate generated
explanations, we design a task that finds funny moments given videos and generated

explanations.

[Pt BLIP-2 ammn
) !‘f’ Image Captioning Caption k
1t Segment -
. InternVideo
mmn YT T T T T e oy i deo-to— ; .
00:03 00:011 00:15 00:18 Video Video-to-Text Retrieval 15t Caption
Hey Luke, sit. Gus, look dandelion. AYE!
Luke, dandelion. AH-HA-HA-HAI MY DANDELION!
@ AHHHILuke ook wht Look what he did to the dandelion. (! BLIP-2 Caption
you did to the dandelion. | was trying to give him a flower. 2 ~ Image Captioning Captionk
Nt Segment d
Timestamps & Explanations of the funny moments . InternVideo
P P Y Video-to-Text Retrieval Nt Capti
2s ~4s It's funny because the white dog is shown a dandelion and then the dog aption
eats the dandelion unexpectedly.
8s~10s It's funny because the black and white dog is shown a dandelion and does SWhlshp_er_ CshatGkPT Dialogue
the same thing as the dog and eats the dandelion. Also, the man’s intention pe_?c ttO DI pea t?r
was simply to give the dog a flower, not for the dog to eat it. Audi ) ex larization
udio
17s ~ 20s The dog turns and notices the dandelion, then goes over and eats the — 5 d Tags
dandelion from the man’s hand. It's funny because of the man’s exaggerated EfficientAT ound Tag:
reaction. Audio Tagging

Figure 1. Multimodal data sample

SEOUL NATIONAL UNIV.
VISIeN & LEARNING

Figure 2. Zero-shot prompting example
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2) 58 NpP-hard Jd2{Z ZEX| = (subgraph isomorphism, supergraph search, subgraph query
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139 Z3A]: Song et al., Score—Based Generative Modeling through Stochastic
Differential Equations, ICLR 2021
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18 Z*: Choe et al.,, Spacetime Surface Regularization for Neural Dynamic
Scene Reconstruction, ICCV 2023

ARRICZRE 3¢ 2 BE5S Bdsta, 429 AT FAEHA 94S dd H e
X (NeRF) 7|&2 =2 8847 FEAHe= =

o 2 AFFAeAE

baseline) & 7] of

2 d7E f3A "HEd, HAgd, "=z Jis9 odHE =

python/pytorch/open3D

2]
o
N
et
I

ERT Metsta AEEDHY

)
Y pem Y S B =
Y. m@ ¥ Seoul National University
<)

TN Dept. of Computer Science and Engineering

29 : jaesik.park@snu.ac.kr



& Husr: old+ & QA AHYH : Intelligent Data Systems Lab.
& UROP ¥ IHYH : 3t=0] 5 Z35E 2I$t Llama fine-tuning

& G1A|7|: 20233 H2E5H2024.1-28) = 2024 18H7((2024.3-6¥

Requirements
- Linux AH2 4%, Python ZE At 3 Al HH

- Open-source LLM(Large Language Model)0f| CHa 24

AT F=H|

- 20233 2 LLaMAS| 374 O|=F, O|& 7|Hte =
SHUSHA T™HED S

- J2{Lt LLaMA2| B2 90% =2l at& L0 7t OlE T
ot 0] & A= 2100 2E 28517| 032

LLM ¢S 0|

rok

- OlOoJE =& H 2 Fine-tuning= &%l ¢t=0| ds= =0[1At &
25

—
o
3
Q)
Ko
i
rot
Hi
<
1o
— o>
o
4
o
Ot
L)
rot
Hi
<
=2
|.|-|
|l
Ofn
1
Ot
rir
i
ot
ogt

- &0 A0 mef 2l dH X082

MErsta BRE TS

i |

Seoul National University
Dept. of Computer Science and Engineering

=9 sglee@snu.ac.kr




StELM 17|38 =23 (UROP) 21

& 91 AYH :Intelligent Data Systems Lab.
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& EHFus: oY+ & CI7A9 : Intelligent Data Systems Lab.

4 UROP A7 1tA|H : 2HEA MH[AE 2T sLLM X[ X2t A4
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- Linux AFE 4%, Python 2E 24 I Mal AH

- Open-source LLM(Large Language Model)0f| CHaF 2H4
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Learning by Asking N
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Perception, Imagination, Cognition, Action
o omL Al S &1 H ay = .
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: Building a multi-view system for high-quality
human reconstruction

igital

& GFA7|: 2023 7H2H5H2024.1-28) EE= 2024 1847](2024.3-6Y)

AFFEA:

- HE| 7t 2t A|A"ES 5510, BHY 228 H high-quality 3D digital
humans (face, body, hand motion) & S {st= A1 E T,

- UROP 22 dataset processing, opensource repo building, system
building, 3D reconstruction 2| CtYet & & ot ItEE .

-2 AT ZItE= top-tier 22[0f HZZ 0"H0|H contributionOf| 2t

author® &0j 7ts.

Examples of multi-view systems (MPII, UMN, and CMU)
Requirement:
- Strong coding skill (C++ & Python) in Linux environment (required)
- Prerequisite courses: linear algebra, and at least one course in Al

(e.g., Computer Vision, Machine Learning, Deep Learning)
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