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Conduct research and development on various topics related to computer vision,
natural language processing, and multimodal.

One example is NeRF for emissive source reconstruction.

- Existing NeRF-based inverse rendering methods suppose that scenes are
exclusively illuminated by distant light sources, neglecting the potential influence of
emissive sources within a scene. We confront this limitation using LDR multi-view
images captured with emissive sources turned on/off.

- Our ESR-NeRF addresses two key issues: 1) ambiguity arising from the limited
3 ogn dynamic range along with unknown lighting details, and 2) the expensive
computational cost in volume rendering to backtrace the paths leading to final
object colors, by leveraging learnable functions to represent ray-traced fields
satisfying light transport segments.
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Accelerating NVMe-OF-TCP
Servers with an efficient

network accelerator

NVMe-OF-TCP is increasingly popular in datacenters as it is being perceived as one of
the key technologies for efficient separation of storage and computing. Not
surprisingly, optimizing its behavior for higher performance is very desirable. NVMe-OF
is @ NVMe disk access protocol through which one can deliver remote storage data to
the requester, but the delivery/processing performance is often suboptimal as the
maximum TCP packet payload size (MSS=1460 bytes) is not a multiple of the page
size of 4KB. In this project, we will design and build an efficient network accelerator
that improves the delivery/processing performance of NVMe-OF-TCP.

Requirements:

- Big passion to design and implement a scalable computer software system.

- In-depth knowledge on Computer Networks and Operating Systems (A- or higher
in both courses or those that have equivalent background knowledge)

- C programming proficiency & familiarity to the Linux environment (vscode, gdb, sar, etc.)
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- Multi-agent, majority-vote, etc..
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