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DbH|3)  Data Strategy: play data, failure dataset, vision augmentation,
human-to-robot data retargeting

- AMZA 2&(Mobile Aloha, Rainbow RoboticsAte|] RBY1 S)22 AMMA O
o

OEE +/BE.

L LiAtEE: Python, Pytorch, ROS2, Transformer/Diffusion 2 20f CH$H 7|25 0l

HIolE%| S

ol
ol
ro

p

ra
[

Requirements: Xt¢0f X2| 7|=




